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Two-Part Data Strategy
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Design a Data Platform That Has...

 Nimble data and a forward-looking architecture

« Shared ecosystem for data management and analytics

« Ease of use for independent research and education projects
« Advanced cohort building capabilities

* Fully enabling enterprise needs for integrated insight

* On-platform BI tools

* On-platform Al and Machine Learning toolkits and languages
« Strong security and compliance

« Infrastructure automation, cohesion, and on-demand capacity
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Lifecycle and Environment Setup
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Strong partnerships across the university

Oden Institute » Pediatric Emergency Care (NPRP)
« \Women’s Health Initiatives on

preterm and maternal health /
mortality

UCZEES L CRE N (T «  Human Centric Al Decision Making

Center (TACC) ] )
« Neonatal Intensive Care Unit Early
Warning systems

- _ « Advanced Al for imaging and

enter for Machine . . ,

Computational Learning modeling techniques to improve
Medicine Laboratory diagnostics and treatment in cancer

and diabetes

Al Health Lab
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Zuzarte |, Indic P, Sternad D, Paydarfar D. Quantifying Movement in Preterm Infants Using Photoplethysmography.
Ann Biomed Eng. 2019 Feb;47(2):646-658. doi: 10.1007/s10439-018-02135-7. Epub 2018 Sep 25. PMID: 30255214; PMCID: PMC6344309.
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Example: Maturation of cardiorespiratory stability in preterm infants
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* Increase O, supplementation?
* Treat with respiratory stimulant
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* Risk of neurological sequelae

Clinical trials on early intervention for improving clinical outcomes
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Automated pipeline for ICU data transfer

A, Hospital Network Hospital DMZ TACC TexasAdvanced
Computing Center

Patient HDFS5 Files

Monitor Sickbay Temporary Data

Temporary Individual

Patient Analysis
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Real-Time Data Collection Data Transfer Every 24 Hours

Data flows from bedside patient monitors to HIPAA-compliant platform,
where algorithms are implemented for large-scale data analysis
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